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generated image-based signatures (Figure 1). 96% (88/92) of the CNBs could be
analyzed successfully.

were used to assess the predictive performance of each continuous biomarker.

Accuracy, specificity, sensitivity, positive and negative predictive values (PPV, NPV),
and OR with 95% Cl were used to assess the predictive performance of the

dichotomized biomarkers.

The analysis is repeated for each therapy arms (C and AC), the TNBC and the BRCA-1

Abstract # 605
BACKGROUND RESULTS

e The TBCRCO031 (INFORM), a randomized phase Il trial of neoadjuvant cisplatin (C) vs

doxorubicin-cyclophosphamide (AC) in germline BRCA mutation carriers with HER2- 1+ Complex immune response signature Table 1: Combined signature (Cmbl*) is superior to immune heterogeneity signature (IHI*)

negative breast cancer, showed no difference in response rates between the two from spatial heterogeneity of immune to predict neoadjuvant chemotherapy response (RCB 0,1)

arms 1 infiltrates

. P value
) ) ) . Cmbl : Combined IHI, proliferative (PI) and Sub Bi k AUC (95% ClI OR (95% ClI

e A systematic and direct computational measurement of cell cycle deregulation (CCD) cell cycle G1S deregulation (G1SI) signatures

and its interaction with tumor immune microenvironment (TIME) from the Pre-treatment core Automated Prediction of RCB All (N = 88) 0.65 (0.53, 0.77) 0.58 (0.33, 0.95) 0.016
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Figure 1: Study design and QPOR workflow following image upload; IAA = Initial Analyzabl
CCD = Cell Cycle Deregulation, TIME = Tumor Immune Micro-Environment

e Area, FOV = Field of View, ROl = Region of Interest,

Table 2: Performance of dichotomized CmbI** to predict response (RCB 0,1) to

immune heterogeneity; 2b) higher G1S deregulation is likely to associate with poor chemoth

Cmbl value. Cmbl >= 0 predicts responders (median cut-off =0).

chemotherapy response; 2a) lower proliferative status is likely to associate with poor chemotherapy response, particularly for patients with low

patients with high immune heterogeneity. Assigning projected %confidence weights for each arm and then aggregating produces the continuous
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erapy response, which is likely more significant in

 The combined index (Cmbl) demonstrated superior predictive performance

e low IHI was predictive of NAC response in the overall po
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prediction of response compared to pathologist identified % sTILs (the latter had nonsignificant

ive of NAC response in the full cohort

Wilcoxon test p-values). ¢ High Cmbl was significantly predict
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Other QPOR™ indices were analyzed using AUC-ROC to test further reduction of
false positive (FP) and false negative (FN) rates. Pathology review was done on FP
and FN cases to determine if they were associated with any specific features.

IHI alone (Table 1, 2). « Cmbl was predictive of NAC response

associated with specific features (e.g., prominent necrosis).

tiff, svs) and in BRCA proficient TNBC cohort. ¢ Most of the FP and FN cases (> 90%) were found to be

across different image filetypes (ndpi, 3. Tisled, C. et al. Frontiers in Oncol 2022. e support of the TBCRC

,,.'__n_ H"

IR

telerc

Corresponding author: Nadine M. Tung, MD
CO nta Ct: ntu ng @ b | d mc. h arva rd . Ed u Special thank you to the patients, families, providers

Copies of this poster obtained through Quick Response (QR) Code are for personal use only and may not be reproduced without permission from ASCO® or the author of this poster.

and study staff who participated in this trial!!




